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Algorithm Part 2: Image Impairment Artifact Detection Model

IIII (Paper ID: 86) A Scalable Deep Neural Network to Detect Low Quality Images Without a Reference

THE TESTING DATASET WiTH HD AND NON-HD IMAGES FOR EACH
ARTIFACT DETECTION. NOTE THAT THERE ARE TWO TYPES OF SOURCES
(@il ‘THE L MEANS THE DATA ARE FROM OUR LAB AND ARE LABELLED BY A
(11x11) VIDEO SPECIALIST, AND THE § MEANS THE DATA ARE THE SYNTHESIZED
IMAGES AS DESCRIBED IN [1-B

THE TRAINING DATASET WE CREATED FOR EACH ARTIFACT DETECTION.
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Color Transform
Y =0.299R +0.587G +0.114B
U =-0.147R +0.289G + 0.436B
V = 0.615R +0.515G + 0.100B

MSCN Transform
nean(l, (Y)(x, yi)) Vxi,yi € W
a(Y) (x,y) = stdev(I,, (V) (x, yD)) Vxi,yi €W
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T, VIDMAP ALGORITI [13] 45D MITSUALGORITIN [17].  Tyig RUNNING TIME IN TERMS OF MILLISECONDS FOR OUR ALGORITHM
L19] IN TERMS OF DETECTION RATE AT FALSE IVE RATE (FP) b
AND THE STATE OF THE ART VIDMAP ALGORITHM [ 13] WHEN
PROCESSING IMAGES WITH SIZE OF 1080. E TE!
N AWS X' LARGE INSTANCE WITH ONE NVIDIA TEsLA
V100-SXM2 (‘PU AND AN INTEL(R) XEON(R) CPU @2.30G]
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Contact us for more information at (joeliu, bferry)@amazon.com




