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Introduction
• We can infer the wrist location

thanks to elbow, shoulder, or
human skeleton

• The model needs not only
specific features (elbow and
shoulder) but also overall
patterns (human skeleton)
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extractor

Heatmap
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Human pose estimation using heatmaps

Simple architecture could be ameliorated if it
learns the features from multiple resolutions
multi-resolution representation learning
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Multi-resolution Heatmap Learning

MRHeatNet1

Achieves the multi-
resolution heatmaps
after the lowest-
resolution feature
maps are obtained

Multi-resolution Feature Map Learning

MRFeaNet2

Directly learns the heatmap generation at
each resolution of the feature extractorExperimental Results

Method Backbone AP

SimpleBaseline ResNet-50 70.0

MRFeaNet2 ResNet-50 70.4

SimpleBaseline ResNet-101 70.9

MRFeaNet2 ResNet-101 71.2

SimpleBaseline ResNet-152 71.6

MRFeaNet2 ResNet-152 71.8

Results on COCO test-dev dataset

Qualitative results on MPII dataset

• Our method can make the predictions for occluded keypoints
• The heatmaps are informative and suitable, where the

predictions for occluded keypoints have low confidence


