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We propose an anchor-free object detector called ChipNet. Different from the typical detectors, it doesn’t
use region proposals, anchors or regions of interest pooling and can overcome the shortages of anchor-
based and dense detectors in HDSR. The experiments are implemented on the synthetic digit strings, the
CVL HDS database, and the ORAND-CAR-A & B databases. The high accuracies, which surpass the
reported results by a large margin (up to 6.62%), are achieved. Furthermore, it gets 219 FPS speed on
160*32 px resolution images when using a Tesla P100 GPU.
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