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Visual tracking algorithms use cues like appearance,

structure, motion etc. for locating an object in a video.

We propose an ensemble tracker with two components.

First, a Siamese tracker that learns object appearance

from a static image. Second, motion information

obtained from consecutive frames using a flow

estimation network. The motion information is used to

correct the predictions obtained by the appearance-based

tracking component of the ensemble. Complementary

nature of the two components (appearance and motion)

lead to performance improvement as observed in
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Proposed Approach
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∗: 𝑐𝑜𝑟𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛
ρ: 𝑐𝑜𝑚𝑏𝑖𝑛𝑒𝑑 𝑠𝑐𝑜𝑟𝑒

Γ: 𝑠𝑒𝑡 𝑜𝑓 𝑜𝑏𝑗𝑒𝑐𝑡 𝑝𝑖𝑥𝑒𝑙 𝑙𝑜𝑐𝑎𝑡𝑖𝑜𝑛𝑠 𝑎𝑠 𝑝𝑟𝑒𝑑𝑖𝑐𝑡𝑒𝑑 𝑏𝑦 𝑡ℎ𝑒 𝑚𝑜𝑡𝑖𝑜𝑛
𝑐𝑜𝑚𝑝𝑜𝑛𝑒𝑛𝑡
Γ𝑖: 𝑠𝑒𝑡 𝑜𝑓 𝑜𝑏𝑗𝑒𝑐𝑡 𝑝𝑖𝑥𝑒𝑙 𝑙𝑜𝑐𝑎𝑡𝑖𝑜𝑛𝑠 𝑎𝑠 𝑝𝑟𝑒𝑑𝑖𝑐𝑡𝑒𝑑 𝑏𝑦 𝑡ℎ𝑒
𝑎𝑝𝑝𝑒𝑎𝑟𝑎𝑛𝑐𝑒 𝑐𝑜𝑚𝑝𝑜𝑛𝑒𝑛𝑡

Tracker Overlap Failures EAO

MBSiam 0.5242 26.2737 0.2411

Dsiam 0.5089 40.0874 0.1963

SiamFC 0.5002 34.0259 0.188

SiamFC-MC 0.5121 36.9841 0.2013

SiamRPN 0.5779 17.6608 0.3827

SiamVGG 0.5254 20.4526 0.2865

SRDCF 0.4802 64.1136 0.1189

Staple 0.5244 44.0194 0.1694

UpdateNet 0.509 26.8721 0.2436

ASMS 0.4884 36.5313 0.1692

CSRDCF 0.4846 23.5731 0.2561

DCFNet 0.4647 35.2015 0.1825

DeepCSRDCF 0.4827 19.0067 0.2926

DSST 0.3895 95.5587 0.0788

ECO 0.4758 17.6628 0.2805

FoT 0.3901 61.5017 0.1299

KCF 0.444 50.0994 0.1349

L1APG 0.4209 129.5924 0.0693

MIL 0.3847 64.3029 0.1183

RAnet 0.4419 47.4719 0.1415

Tracker Overlap Failures EAO

NCC 0.4636 173.0405 0.0846

SiamFC-MC 0.5093 53.6017 0.1845

SiamFCOSP 0.5008 71.7348 0.1707

SiamMask 0.5907 29.3580 0.2856

SiamRPNX 0.5190 35.7638 0.2237

RSiamFC 0.4659 58.7354 0.1627

RankingT 0.5241 22.5801 0.2698

DPT 0.4832 60.1490 0.1587

FSC2F 0.4711 48.5677 0.1850

CSRDCF 0.4916 40.7859 0.2014

KCF 0.4377 78.3864 0.1135

MIL 0.3884 78.6186 0.1201

Struck 0.4120 100.9718 0.0963

SSRCCOT 0.4895 33.2756 0.2330

ASMS 0.4731 55.2126 0.1595
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