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Proposed method : LFIR2Pose

Contribution 1 : LFIR2Pose model Contribution 2 : Automatic annotation
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Experiment Waving Deep P'E';f[?ng ”dpozx‘: Standing and
p hands breathing pea bl

sitting

things
Dataset

The number of actions 4

The positions of a subject [

The number of frames About 170 / Video

The number of subject 11

The number of videos 99 / Action

Training data Positions 1,3,5,7,9
Test data Positions 2,4,6,8

Method Infrared

Sensor
Comparative method 1 : 2DCNN
Comparative method 2 : 2DCNN ( global max pooling ) .
: . Position
Proposed method 1:  3DCNN
Proposed method 2:  3DCNN + Weighted joint point loss
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RMSE of the Ground Truth and the estimation results (x1072)
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Estimation results at various person positions
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