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Motivation
® Attention operation is inspired from Neural Machine Translation and Image Caption
® The attention alignments in text recognition are concentrated and like a Gaussian distribution
® Existing methods do not fully use this characteristic and may suffer from the problem of attention diffusion
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Introduction
® We propose a novel Gaussian Constrained Refinement Module (GCRM) to refine the raw attention weights
@ We apply GCRM into SAR[, and propose our Gaussian Constrained Attention Network (GCAN) )
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Experiment
GCAN is more robust with long text
® Ablation Study ® Performance about Different Text Length
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® Visualization SAR ® Compared with previous methods
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