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Task
Exaggerate human faces, and re-rendering the facial
texture to form a portrait.

Challenge
1. To exaggerate deformation and obtain plausible
texture simultaneously.
2. No paired data, no identity labels, and no geometric
guidance.

Contributions

1. Toreduce artifacts in rendered photos, we propose
a novel contrastive loss by define a style to enforce the
similarity between the rendered photo’s texture and
caricatures, and enforce its discrepancy to the photos,
which can generate plausible textures in the rendered
photos with more details.

2. To obtain exaggerating deformation in the unpaired
setting, we propose a new symmetrical architecture with
Distortion Prediction Modules (DPM), which predicts a set
of displacements vectors without any guidance to warp
the images in an unsupervised fashion.

3. Experiments on the benchmark caricature generation
dataset WebCaricature compared to the state-of-the-art
methods demonstrate our methods can synthesize
caricatures with more hand-drawn like texture with
diverse deformation without guidance in the unsupervised
fashion. In addition, our method supports bidirectional
translation due to the symmetrical architecture.
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