Not 3D Re-ID: Simple Single
Stream 2D Convolution for
Robust Video Re-identification
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Building robust video-based . .
Issue: person Re-ID under varying Training:
conditions. The use of multiple loss functions with differing roles

succeeds in guiding the learning process of the model
without additional complexity.

RLLy (x5; f) = Lp (x5; f) + ALx (x5; f)

Pulls similar samples closer in the embedding space and

Method :

Simple video Re-ID using {Resnet50+Two-layer spatial- pushes dissimilar samples apart using a predefined
temporal attention} produce an efficient video features: distance measurement.

N
* ResNet50-IBN-a as a frame features extractor. IDL = —q:log(pre;).
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+ spatial-temporal attention following feature Supports the model in learning more discriminative features.
extraction to produce video level features (2D T, e lillf- ST
convolution + 1D convolution). e i~ Cyillz
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Supports RLL loss to learn sample centric features.
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Att-Driven [37] CVPR 2019 87.0(78.2) 939 86.3
VRSTC [12] CVPR 2019 88.5(82.3) - 86.3
Co-Segment [27] ECCV 2019 84.9 (79.9) - -
. GLTR [16 1CCV 2019 87.02 (78.47) 95.50 86.00 9.00 214.11 94.47 317.59
Temporal features aggregation: VPRET 2] v ita e ol 1300 205 5260
Ours = 89.62 (84.61) 96.6 89.33 9.19 171.92 290.58  471.69
. VPRET [22]
The use of 2D-Resnet50 as frame feature extractor is | gewmionmars Atz 66
followed by a temporal aggregation method to produce | & ™™ . i e
. (pre-trained MARS and iLIDS-VID) 88.21(83.10) 97.75 95.33
video level features from T frames.

Statistical comparison against state-of-the-art methods.
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Conclusion:

. . i . . Full paper:
Single stream robust video Re-ID approach using only 2D convolution for video-based Re-ID.

Using robust training strategies without additional complexity exceeds state of the art accuracy.
Our simple 2D method exceeds performance of prior 3D convolution and complex multi-stream based approaches.
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