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Our implementation is based on the paradigms from [2] and [4].
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Classitcation outout A Figure: Attention matrices of the model after inputting two sentence pairs from the translated
A SNLI test data set. The x-axis corresponds to the premise, and the y-axis corresponds to the
MLP hypothesis. The model sometimes finds meaningful alignments, still most of the attention values
VP are rather inconclusive.
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» Apply models to real-world data

In addition to our RNN-based models, we utilize a pre-trained MBERT

model [2] and finetune it on the LI task for German and English
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