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Proposed Method

1) DenoisingNet by DnCNN [1]:

Residual learning & Batch normalization

RGB=Noisy RGB-Residual image

2) EnhancingNet by MCRN [2]:

• Generator: Consist of 5 layers in training
and 4 layers in testing.

• Discriminator: Consist of 5 convolutional
layers and 2 fully connected layers.

3) FusingNet by DeepFuse [3]:

Input → Feature extraction → Fusion →
Reconstruction.

Experimental Results

(a) Input RGB, (b) Input NIR, (c) BM3D, (d) WLS [4],
(e) LD [5], (f) DF [6], (g) DFE [7], (h) DEF [8].

Conclusions

We propose deep fusion of RGB and NIR
paired images. The proposed method
consists of three subnetworks: DenoisingNet,
EnhancingNet, and FusingNet (DEF). The
proposed method removes noise while
preserving details and recovering color.
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