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Joint Optimization Problem

Problem: Explain decision of black-box classifiers

Prior Work 

Optimization
 function

New definition of  visual explanation through adversarial 
example generation

New Optimization workflow combining the training of an 
adversarial generator and a  similar generator

New regularization methods improving several 
explanation methods in terms of weak localization

Visual explanation: 

Objectives:
What are the discriminative regions in the image for the 
classifier? Are they interpretable for humans (clinicians) ?
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Explainer

✔

→ Saliency maps [1], Activation maps based [2]
→ Perturbation-based [3, 4, 5]
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Proposed Method

Issues: 

Introduction “Naive” Method

→ Different space χo and χa
→ Reconstruction errors

Visual explanation: 
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framework

Experimental Results

Weak Localization 

Regularization: 
N random geometric transformations ψi at test time

Pathological
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Approach: Generate an adversarial example ga(x)∈ χa  
Project x in space χa → gs(x)

Adversarial and Similar generation 
Great similarity: x, gs(x) and ga(x)
 ↘↘ reconstruction errors between gs(x) and ga(x)
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