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Few-shot font generation... Afew samples Whole character set (=Font)

- Generate images of all characters from a few reference samples A G] = AB CDEFGHI]J -
« Outputs should have

consistent style with the samples 7-—.K EF' E - I8 ﬁ f:T 72 E 2’& ;k *D

content information (what the letter is)

Related Works

1. EMD [zhang+, CVPR18] 2. AGIS-Net [Gao+, TOG19]
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This flgure s the modified version for /W for generation

Problem: Low guality when the number of style reference is extremely limited

Proposed Method

Introducing metric learning to the style encoder
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- Style encoder can focus only on style characteristics,
[Ranjan+, arXivi7] independent from the content of samples
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dim.of embeddings was 512; parameter m for AGISNet was 4.

We observed remarkable improvement, especially when n is extremely limited



