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Introduction

Skin cancer is one of the most serious diseases in the world. Melanoma is uncommon but it is a highly malignant
tumor. The incidence of melanoma has risen rapidly in the past 30 years. Skin lesions are one of the early symptoms of
skin cancers.

However, the survival rate can be greatly improved if melanoma is detected in early stage and given timely treatment.
Yet it is difficult to classify skin lesions accurately because some are very similar, like melanoma and nevi.

In the paper, we proposed a fine-grained method based network to automatically classify skin lesion images.

Motivation

* Challenge: Different skin cancers may look quite similar, which is likely for network to make the wrong

judgement on similar skin images
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* Proposal network: Inspired by fine-grained image classification and weakly supervised object detection.
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