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1. Unstable model predictions at start of iterative active learning process lterative active learning performance for
2. Imbalance in unlabelled dataset is propagated to labeled dataset baselines and the proposed method DMCS
Solutions CIFAR-100
1. Selecting samples that are predicted as minority class.
2. Learning shallow classifier over fixed representation as an alternate to classical

fine tuning strategy.
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2) Number of samples per class depends Sampling

on imbalance and budget .
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