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Introduction

In medical fields, reproductive technologies are gaining broadening importance. Each year,
10-15% of couples face problems related to infertility, an increasing number of whom are

referred to assistive reproductive technology (ART) laboratories.

The main goal of ART is the ability to obtain and select a large number of competent
oocytes. Oocytes are specialised cells formed in the ovary during oogenesis, and and have
the capacity to be fertilized and to evolve like a viable embryo. Oogenesis Is regulated and
characterized by a complex molecular cross-talk among the oocyte and the somatic cells

that are around.
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Microphotograph of a living
GC sample inside the
microfluidic device.

The green square
represents a selected area
(30x30 um) on which the IR
acquisition was performed.
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Band area ratios

Biological significance
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FTIR Spectroscopy
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Enjoy the reading
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