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ICPR202001 Problem Statement

Cross-Modality Person Re-Identification



ICPR202002 Challenges

 1) large cross-modality variations caused by the 

different cross-camera views and hard negatives 

D(A, a).

 2) large intra-modality variations caused by 

different human poses and viewpoints D(a, b).

it is difficult for even human to recognize whether

the persons in the images are the same by only the

silhouette of the persons without the help of color

information.
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ICPR202004 Our approach

With the learned CycleGAN model, for a modal image captured by a certain camera, it can 

generate a corresponding image.

(a)Example images from SYSU-MM01. (b)Example images modality conversion between two 

modality using our proposed method.



ICPR202005 Loss function

 cross-class distances constrained top-ranking loss

 intra-modality constrained loss

 LSR loss



ICPR202006 Experiment settings

 Dataset

 Implementation details

 RegDB is an image dataset consisting of 412 persons while people are moving naturally without 

any instruction.

 All images are firstly resized to 256*256, and then randomly cropped to 227*227. Dropout rate 

and initial learning rate is set as 0.5 and 0.001, respectively. 

 Our model is implemented with GTX 1080Ti, Intel i7 and 256G memory.

 SYSU-MM01 is a large-scale dataset collected by 6 cameras, including four RGB cameras and 

IR ones. It contains in total 491 identities and each identity is captured by at least two different 

cameras.



ICPR202007 Experiment



ICPR202008 Summary

 Bridge the gap between infrared and visible images by converting image modality.

 For tacking the problem of noise from converting image modality process, we further 

apply label smoothing regularization to softly distributed data sample labels.



Thanks for your watching!


