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The “Over Segmentation” Problem

Text with large space between texts/characters Text with partial occlusion
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The pipeline of our framework
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The Detalls Of Text Instance Embedding Module

w,h,4

Network Structure
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Loss Function

a) Reducing the intra-instance distance b) Increasing the inter-instance distance
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(a)Before grouping

Ablation Study

Table.1 Ablation Study on CTW-1500.

CTW-1500
Method P R E
baseline(reimplement PSENet) 806 | 75.60 | 781
baseline + TIEM 83.6 | 77.6 | 805
baseline + TIEM + instance grouping | 85.1 | 77.9 | 8L3 |




Experiment Result

(a)CTW1500 (b)Total-Text (c)IC15
Example results of our method on CTW-1500(a), Total-Text(b) and 1C15(c).



Table.2 Single-scale Result On CTW-1500. “P”, “R” Table.3 Single-scale Result On Total-Text. “P”, “R”

And “F” Represent The Precision, Recall And F- And “F” Represent The Precision, Recall And F-
measure Respectively. measure Respectively.
CTW-1500 Total-Text
Method . - " Method . - .
CTPN*[23] 60.4* | 53.8" | 56.07 Seglink*[24] | 30.3* | 23.8° | 26.7°
Seglink* [24] | 42.3* | 40.0* | 40.8* EAST*[7] 50.0* | 36.2* | 42.0*
Training from EAST*[7] TRT® | 49.1% | 60.4* Training from DeconvNet [20] 33.0 40.0 36.0
scratch CTD+TLOC [19] | 774 | 698 | 734 scratch PSENet-1s [15] | 81.8 | 75.1 | 783
PSENet-1s [15] 80.6 | 756 | 78.0 PAN-640 [1] 88.0 | 794 | 83.5
PAN-640 [1] 846 | 777 | 81.0 Ours 828 | 79.6 | 81.2
Ours 85.1 77.9 81.3 TextSnake[25] 82.7 74.5 78.4
TextSnake[25] 670 | 853 | 75.6 ATTR [30] 800 | 762 | 785
CSE[26] 787 | 761 | 77.4 MSR([14] 852 | 730 | 786
LOMO[27] 89.2 | 696 | 78.4 CSE[26] 814 | 797 | 802
SAE[2] 827 | 778 | 80.1 Pro-trained on | TeXtField[13] 812 | 799 | 806
Pro-trained on TextField[13] 830 | 798 | 814 extormal dataseg | PSENet-1s[15] 840 | 779 | 809
extorma] At MSR[14] 84.1 | 790 | 815 LOMO[27] 886 | 757 | 816
‘ PSENet-1s[15] 848 | 797 | 822 CRAFT][29] 876 | 799 | 83.6
DB[28] 869 | 802 | 834 DB[28] 87.1 | 825 | 847
CRATF[29] 86.0 | 811 | 835 PAN-640[1] 893 | 81.0 | 85.0
PAN-640[1] 864 | 812 | 83.7 Ours 870 | 793 | 83.0
Ours 879 | 799 | 83.7




Table.4 Single-scale Result On IC15. “P”, “R”
And “F” Represent The Precision, Recall And
F-measure Respectively.

Method IC15

REPN[6] 82.0 73.0 | 77.0
EASTI(7] 83.6 | 7347 | 782
DeepReg[31] 820 820.0 | 81.0
Training from CTPN[23] 820 73.0 | 77.0
scratch PAN-736[1] 82.9 77.8 | 80.3
PSENet-1s[15] | 81.5 79.1 | 809
PixelLink[11] 829 81.7 | 823
Ours 834 80.7 | 82.1
SSTD[32] 822 | 739 | 76.9
SegLink[24] 73.1 76.8 | 75.0
WordSup[33] 793 770 | 782
Lyu et al.[12] | 94.1 70.7 | 80.7
RRD [5] 85.6 79.0 | 82.2
TextField[13] 833 805 | 824
Pre-trained on TextSnake[25] | 84.9 204 | B2.6
external dataset PAN-736[1] 84.0 %19 | 829
PSENet-1s[15] | 86.9 84.5 | 85.7
SAE[2] 88.3 853 | 86.6
CRATF[29] 89.8 843 | 869
LOMO[27] 91.3 835 | 872
DB-1152[28] 91.8 83.2 | 87.3
Ours 87.1 800 | 834
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