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Light Field Imaging

• Ideally, 5D Plenoptic Function: L(𝑥, 𝑦, 𝑧, 𝜃, 𝜙).

• In reality, 2D array of 2D image 𝐼(𝑢, 𝑣, 𝑠, 𝑡).

https://graphics.stanford.edu/papers/light/


Light Field Disparity Estimation: 
EPI (epipolar plane image) and EPI volumns
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Light Field Disparity Estimation: 
From EPI to EPI Volumes
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Fast and Efficient Network (FEN)

• Separable convolution block.

• Pruned stream network.

• Down scale input.



Dense EPI Volumes



HCI Results (best)



Visual Results



Visual Results



Conclusions

• Proposed a fast and efficient network for light field disparity 
estimation; 

• Presented dense EPI volumes as input; and

• Achieved similar performance with much faster runtime compared 
with SOTA methods.


