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Background

Style Transfer Task:

• Domain transfer
• Pix2pix [1]
• CycleGAN [2]
• ......

• Arbitrary style transfer
• Optimization-based [3]
• AdaIN [4]
• WCT [5]
• ......

1. Phillip Isola, Jun-Yan Zhu, Tinghui Zhou, Alexei A. Efros, ''Image-to-Image Translation with Conditional Adversarial Nets'', CVPR2017.
2. Jun-Yan Zhu, Taesung Park, Phillip Isola, and Alexei A. Efros, "Unpaired Image-to-Image Translation using Cycle-Consistent Adversarial Networks", ICCV2017.
3. Leon A. Gatys, Alexander S. Ecker, Matthias Bethge,  ''Image Style Transfer Using Convolutional Neural Networks'', CVPR2016.
4. Xun Huang, Serge Belongie, ''Arbitrary Style Transfer in Real-time with Adaptive Instance Normalization'', ICCV2017.
5. Yijun Li, Chen Fang, Jimei Yang, Zhaowen Wang, Xin Lu, Ming-Hsuan Yang, ''Universal Style Transfer via Feature Transforms'', NIPS2017.
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High-level Transform stream

Local Enhancement stream

        Attention modules

Total loss:
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Conclusion

contribures:
• We propose a novel AWNet for photos-Chinese paintings transferring task, 

which can capture high-level information and local prospects simultaneously.
• To better portray the local prospects, we introduce a multi-scale self-attention 

mechanism to select details scattered in features of each layer.
• We propose a new large dataset, named P2ADataset contains unpaired 

photos and traditional Chinese paintings for photo-Chinese painting 
transferring task.

Future plan:
• Some failure cases
• High resolution

graps

distorted & ''ghosting''
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